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OVERVIEW 
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myVisitPlannerGR at a glance 

Åάa web-based recommendation and activity planning 
system, aiming at providing the visitor or the resident 
of Northern Greece with personalized plans 
concerning available activitiesέ 

ïBroad range of activities 

ïThree aspects of personalization 

ïDynamically non-intrusively updated user profiles 

ïConstraint optimization scheduling engine 

ïSemi-automated information gathering 

ïPrivacy is protected 
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Typical use case 

ÅSTEP 1: Setting the visit framework 

ïTime period, geographical areas, user profile 

ÅSTEP 2: Selecting activities 

ïGet/edit informed personalized recommendations 

ÅSTEP 3: Forming the plan 

ïGenerate alternative plans, select one 

 

ÅSTEP 4: Give Feedback   

ïRate the plan and the activities, give textual feedback 
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System architecture 
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Related systems 

Å¸ŀƘƻƻΗΩǎ ¢ǊƛǇ Planner (http:// travel.yahoo.com/trip) 

ïDiscontinued since March, 2014 

ÅTrip advisor (http:// www.tripadvisor.com) 

ÅLonely planet (http:// www.lonelyplanet.com) 

ÅTravel Muse (http:// www.travelmuse.com) 

ÅPlnnr (http://plnnr.com/) 

ïDoes not support a rich activity ontology, rich user 
preferences model, dynamic user profiling, collaborative 
ŦƛƭǘŜǊƛƴƎ ǊŜŎƻƳƳŜƴŘŀǘƛƻƴǎΣ ƛƴǘŜƎǊŀǘƛƻƴ ǿƛǘƘ ǳǎŜǊΩǎ 
calendar. 
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USER PROFILING 
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The Ontology 

ÅOntologies are 
used both for 
describing 
activities, as well 
as for describing 
ǳǎŜǊΩǎ ǇǊŜŦŜǊŜƴŎŜǎ 
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User profile 

ÅMultiple profiles per user 

ÅPersonal details such as age, gender, languages 
spoken, etc. 

ÅWeighted selection of activity types 

ÅPreferences over how each activity type should be 
scheduled 

ÅGeneral scheduling preferences 

ïTightness, distribution of the free time 
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RECOMMENDATIONS 
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Hybrid Recommendation System 
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Recommendation Engine 1 

ÅActivities recommended based on user ratings and the 
similarity between the ontological descriptions of 
activities. 

ÅInput: 
ïPrevious activity ratings of the user of the form (activity, rating) 
ïActivity class distance matrix (via Hadoop/Scalding) 
ïSet of available to the specific trip activities 

ÅProcess 
ïSet the weight of each available activity based on: 
ÅIts similarity to each rated activity class 
Å9ŀŎƘ ǊŀǘŜŘ ŀŎǘƛǾƛǘȅΩǎ Ŏƭŀǎǎ ŀŎǘǳŀƭ ǊŀǘƛƴƎ 

ÅOutput 
ïSet of weighted activities of the form (activity, weight) 
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Recommendation Engine 1 ς Trade-offs 

ÅAdvantages 

ï5ƻŜǎ ƴƻǘ ǊŜǉǳƛǊŜ ƻǘƘŜǊ ǳǎŜǊǎΩ ǊŀǘƛƴƎǎ 

ïActivity class distance matrix is computed offline and does 
not change often 

ïUsage of ontological description of activities 

ÅDisadvantages 

ï5ƻŜǎ ƴƻǘ ǘŀƪŜ ƛƴǘƻ ŀŎŎƻǳƴǘ ƻǘƘŜǊ ǳǎŜǊǎΩ ǊŀǘƛƴƎǎ 

ïRequires some user activity ratings 
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Recommendation Engine 2 

ÅActivities recommended based on clustering similar users and 
ǘƘŜ ŎƭǳǎǘŜǊΩǎ ŀƎƎǊŜƎŀǘŜ ǊŀǘƛƴƎǎΦ ¦ǎŜǊǎ ŀǊŜ ŎƭǳǎǘŜǊŜŘ ōŀǎŜŘ ƻƴ 
their given profile preferences. 

Å Input: 
ïUser cluster membership (via Hadoop/Mahout) 
ïAggregate cluster activity ratings of the form (activity, rating) 
ïSet of available to the specific trip activities 

ÅProcess 
ïSet the weight of each available activity based on 

Å¢ƘŜ ŎƭǳǎǘŜǊΩǎ ŀƎƎǊŜƎŀǘŜ ǊŀǘƛƴƎ ƛŦ ǘƘŜ ŀŎǘƛǾƛǘȅ ƛǎ ŘƛǊŜŎǘƭȅ ǊŀǘŜŘ 
Å¢ƘŜ ŎƭǳǎǘŜǊΩǎ ŀƎƎǊŜƎŀǘŜ ǇǊŜŦŜǊŜƴŎŜǎ ƛŦ ǘƘŜ ŀŎǘƛǾƛǘȅ ƛǎ ƴƻǘ ŘƛǊŜŎǘƭȅ ǊŀǘŜŘ 

ÅOutput 
ïSet of weighted activities of the form (activity, weight) 
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Recommendation Engine 2 ς Trade-offs 

ÅAdvantages 

ï¢ŀƪŜǎ ƛƴǘƻ ŀŎŎƻǳƴǘ ƻǘƘŜǊ ǳǎŜǊǎΩ ǊŀǘƛƴƎǎ 

ïUser clusters do not change often and can be computed 
offline 

ïUsage of ontological description of user preferences 

ïDoes not require activity ratings from the specific user 

ÅDisadvantages 

ï5ƻŜǎ ƴƻǘ ǘŀƪŜ ƛƴǘƻ ŀŎŎƻǳƴǘ ǘƘŜ ǳǎŜǊΩǎ ǊŀǘƛƴƎǎ 

ïRequires enough users for clustering 
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Fusion 

ÅThe results from the two recommendation engines 
are merged into a common result set 

Å9ŀŎƘ ŜƴƎƛƴŜΩǎ ǊŜǎǳƭǘǎ ŀǊŜ ŀŘŘƛǘƛƻƴŀƭƭȅ ǿŜƛƎƘǘŜŘ ǘƻ 
express the confidence in the quality of its result as a 
function of user: 

ïProfile preferences genericity / specificity 

ïUser ratings count and distribution 

ïUser cluster size 

ïUser cluster aggregate preference genericity / specificity 
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SCHEDULING 
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